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ground truth motion corrupted NAMER
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Artificial intelligence in radiology: 100 commercially available
products and their scientific evidence
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The nomogram yielded
excellent performance
for distinguishing
intestinal-type
adenocarcinoma, with
AUCs of 0.928 (95%:
0.875, 0.964) and 0.904
(95% Cl: 0.761, 0.976).
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The classification accuracy of liver cirrhosis on validation (vACC) and test (tACC) data for The highest classification performance on test data was observed for ResNet50 with unfrozen pre-
the DTL pipeline (VACC = 0.99, tACC = 0.96) was significantly higher compared to the trained parameters, yielding an area under the receiver operating characteristic curve of 0.82 (95%
resident (vVACC = 0.88, p < 0.01; tACC = 0.91, p = 0.01) and to the board-certified radiologist confidence interval (Cl) 0.71-0.91) and an accuracy of 0.75 (95% ClI 0.64—0.85).

(VACC = 0.96, p < 0.01; tACC = 0.90, p < 0.01).
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Are We There Yet? The Value of Deep Learning in a Multicenter Setting for Response Prediction
of Locally Advanced Rectal Cancer to Neoadjuvant Chemoradiotherapy

Barbara D. Wichtmann, Steffen Albert, Wenzhao Zhao, Angelika Maurer, Claus Rddel, Ralf-Dieter Hofheinz, Jiirgen Hesser, Frank G. Zo6llner and Ulrike I. Attenberger
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Significant differences Significant differences  Significant Data heterogeniety Testing the network on an external clinical routine dataset
in the characteristics regarding the time differences Misaligned slice positioning yielded an AUC of 0.54 (95% CI: 0.41, 0.65), when using only
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